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Context
The Multiple Comparison Procedure — Bayesian MCP-Mod (1) is an innovative method that This approach replicates classical
Modelling (MCP-Mod) method is well Improves the traditional MCP-Mod by systematically MCP-Mod results when using
established in dose finding trials Incorporating historical data, such as previous vague priors and seamlessly
placebo group data. Integrates historical data.

Bayesian MICP-Mod in a Nutshell (1, 2)
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Implementation Details
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